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thousands of eukaryotes transcriptomes have been generated, mainly to investigate nuclear genes 
expression, and the amount of available data is constantly increasing. A neglected but promising 
use of this large amount of data is to assemble organelle genomes. to assess the reliability of this 
approach, we attempted to reconstruct complete mitochondrial genomes from RnA-Seq experiments 
of Reticulitermes termite species, for which transcriptomes and conspecific mitogenomes are available. 
We successfully assembled complete molecules, although a few gaps corresponding to tRnAs had 
to be filled manually. We also reconstructed, for the first time, the mitogenome of Reticulitermes 
banyulensis. the accuracy and completeness of mitogenomes reconstruction appeared independent 
from transcriptome size, read length and sequencing design (single/paired end), and using reference 
genomes from congeneric or intra-familial taxa did not significantly affect the assembly. Transcriptome-
derived mitogenomes were found highly similar to the conspecific ones obtained from genome 
sequencing (nucleotide divergence ranging from 0% to 3.5%) and yielded a congruent phylogenetic 
tree. Reads from contaminants and nuclear transcripts, although slowing down the process, did not 
result in chimeric sequence reconstruction. We suggest that the described approach has the potential 
to increase the number of available mitogenomes by exploiting the rapidly increasing number of 
transcriptomes.
The NCBI GenBank database counts more than 78,000 mitochondrial genome entries from more than 30,000 
different species. Due to their relatively small size, ease of sequencing and clear orthology, mitochondrial 
genomes are currently the most widely used genomic markers for animal systematics and phylogenetic studies, 
particularly in insects1. Mitogenome-based phylogenies have helped resolving inter-ordinal2, intra-ordinal3 and 
intra-familial4,5 relationships. Many biogeographic, population genetics, and museum genomics studies also rely 
on mitochondrial genome sequencing6,7.
Most mitochondrial genomes are now obtained with high-throughput sequencing (HTS) of DNA (either 
including a long PCRs step or by direct HTS sequencing of total DNA) and a wide variety of methods have been 
developed for sequencing, assembly and annotation8,9. As pointed out by Smith10, a considerable amount of infor-
mation for organelle genomics may be obtained from RNA-Seq data and, taking into account the rate at which 
transcriptome data accumulate, they can be further used to recover mitochondrial genomes from taxa in which 
they are not available yet. The NCBI SRA database (Sequence Read Archive; last accessed January 2019) stores 
transcriptome raw reads of more than 1,790 different insect species: for about 1,000 of these species there are no 
mitogenomes in the Nucleotide archive (last accessed January 2019). Considering that more than 4,800 insect 
mitogenomes are actually present in Genbank databases, mining mitochondrial genomes from transcriptomes 
has the potential to increase the number of insects mitogenomes by ~20%.
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The use of RNA-Seq data for mitochondrial genomes reconstruction provides several advantages. Genes from 
organelles have higher expression levels than nuclear genes and, therefore, a large portion of raw reads gener-
ated from eukaryotic RNA-Seq experiments are of organelle origin11. Because organelle genomes are pervasively 
transcribed as polycistronic RNAs, it is possible to recover almost complete mitogenomes from transcriptomes12. 
On the other hand, the use of RNA-Seq data could still retain some of the drawbacks of DNA-based approaches. 
As an example, despite the low chance of a NUMT (nuclear mitochondrial DNA; i.e. mitochondrial DNA copies 
migrated into the nuclear genome) to be integrated in a nuclear transcript, there are some evidences of the pres-
ence of nuclear mitochondrial pseudogenes in transcriptomic data13.
Nonetheless, literature indicates that transcriptome data is not yet routinely used to assemble mitogenomes. 
A few studies, for example, report on successfully assembled mitochondrial genomes either by mapping reads on 
conspecific references and assembling them14,15, or by mining mitochondrial contigs from de novo assembled 
transcriptomes16,17. However, most of these studies did not provide new mitochondrial genomes and, in more 
general terms, all of them were unable to assemble regions, such as tRNAs or the control region, due to low reads 
coverage. This latter finding, besides being of fundamental importance to obtain fully assembled mitogenomes, 
suggests that some pitfalls may occur when dealing with RNA-Seq data for mitogenomic studies.
In this report we investigate potential pros and cons of de novo assembling mitogenomes from transcrip-
tome data in order to get information about genome structure and nucleotide variability, in a systematic frame-
work. For this aim, we mined mitochondrial DNA from transcriptome data of the subterranean termite genus 
Reticulitermes (Blattodea; Termitoidae) as a case study. RNA-Seq data and mitogenome sequences are already 
available for several species of Reticulitermes, allowing direct comparison of transcriptome-derived mitogenome 
sequences with those obtained through traditional methods (long-PCR + Sanger sequencing or high through-
put genome sequencing). Moreover, we assembled for the first time the mitochondrial genome of Reticulitermes 
banyulensis. The genus Reticulitermes has been the subject of many phylogenetic studies during the last two dec-
ades18,19, making it a suitable group to test the phylogenetic accuracy of the mitogenomes reconstructed from 
transcriptomes.
Overall, we demonstrate the validity of the iterative reference mapping and de novo assembly of mitoge-
nomes from transcriptomes, recovering reliable complete molecules from the assayed species. On the other hand, 
some pitfalls may emerge, such as in the case of contaminants, similarity with nuclear transcripts or for tRNA 
reconstruction.
Results and Discussion
Reconstruction process analysis. Overall, the reconstruction process led to the assembly of either com-
plete or nearly complete mitogenomes for all the six analyzed species (Supplementary Fig. S1).
For R. flavipes, R. grassei, R. banyulensis and R. lucifugus, the number of iterations necessary to mine all mito-
chondrial reads (i.e., in our pipeline, to reach a stationary number of mapping reads) varied depending on the 
phylogenetic relatedness of the initial reference (congeneric as blue triangles; intra-familial as orange circles in 
Fig. 1). As it could be expected, the use of intra-familial reference led to recover fewer reads during the first 
iterations than using congeneric references (Fig. 2). However, all assemblies, whether based on congeneric or on 
intra-familial references, converged to a plateau within the 10th iteration; at this point, the total number of mito-
chondrial reads covered between 7.5% and 13.9% of the whole transcriptomes. We observed fewer and longer 
contigs as the number of iterations increased (Fig. 2) and this trend was not influenced by the choice of the initial 
reference. Overall, the number of contigs at the 10th iteration varied between six and twelve, and their average 
length varied between 1,376 and 2,544 bp. In contrast, no plateau was reached within the 10th iteration for both R. 
labralis and R. speratus, independently of the initial references (Fig. 1). With respect to the other four species, the 
iteration process for R. labralis and R. speratus resulted in a far larger number of contig (33,906–34,439 and 157–
262, respectively; Table 1). Moreover, we did not observe a reduction in number and an increase in length of the 
contigs throughout the iterations (Fig. 2). In R. labralis, the percentage of recruited reads reached 57%, with both 
intra-familial and congeneric starting references. In R. speratus, the percentage of recruited reads reached 18% 
and 16% using the intra-familial and congeneric starting references, respectively. We analyzed more in details 
the contigs obtained after the 10th iteration in these two species, filtering for possible contaminants and nuclear 
genes matches. In both species, mitochondrial contigs represented the minority of assembled ones: less than the 
1% in R. labralis and less than the 14% in R. speratus. The majority of contigs were, therefore, contaminant or 
nuclear transcripts, with a different relative contribution of the two kinds of leakage in the two species (Table 1). 
The contaminant leakage played a major role in R. labralis, with fraction of contigs significantly matching also to 
sequences of non-hexapod taxa (Table 1 and Suppl. Table S1). On the other hand, the nuclear leakage appeared 
predominant in R. speratus (Table 1 and Suppl. Table S1).
Excluding contaminant and nuclear transcripts, all contigs obtained at the end of the automated process in 
the six assayed species matched the relative mitochondrial genomes. On the other hand, a few gaps were still 
present at the end of the iterative reconstruction process. These gaps encompassed mainly tRNA regions and/or 
the control region, with the only exception of a fragment of the R. speratus atp6 gene (Supplementary Fig. S1a). 
Only R. banyulensis and R. labralis resulted completely reconstructed (except the control region) at the end of the 
iterative process. The use of intra-familial references in the first iteration, instead of congeneric ones, led to similar 
results but with slightly larger gap regions and no mitogenomes completely reconstructed at the end of the process 
(Supplementary Fig. S1b). We recovered missing regions using blastn search of the transcriptome reads against 
the homolog portion of the reference mitochondrial genomes and filled the gaps. Control regions remained only 
partially assembled, mainly because they are composed of tandem repeats, thus very difficult to de novo assemble 
properly, and their expression is low or completely lacking. Moreover, we obtained partial control regions only 
when mitochondrial genomes of congeneric species were used as initial references (Supp. Table S2).
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Figure 1. Short reads recruitment across iterations. Relationships between the number of iterations of the 
process (x axis) and mapped reads (% of the total reads; y axis) using congeneric (blue triangles) or intra-
familial (orange circles) references.
Figure 2. Contigs analysis across iterations. Relationship between the number of iteration process (x axis) 
and contigs length (bp, primary y axis; solid lines) and contigs number (secondary y axis; dashed lines) using 
congeneric (blue triangles) or intra-familial (orange circles) references.
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Mitogenomes completeness and accuracy assessment. The six mitochondrial genomes we recov-
ered were comparable in length and content to that of other insect mitogenomes, containing 13 PCGs, 22 tRNAs 
and 2 rRNAs, with gene order consistent to that of other Reticulitermes mitochondrial genomes. No gap or stop 
codon were detected within open reading frames and no significant variation of tRNA cloverleaf structures 
was found between the RNA-Seq assembled mitogenomes and those already available from DNA sequencing 
(Supplementary Fig. S2).
Sequence coverage was highly variable among genes, but in all cases PCGs and rRNAs were well covered 
(Fig. 3). tRNA coverage was comparatively much lower than that of the other genes, and this holds for all six 
Reticulitermes species. In particular, manually reconstructed tRNAs showed a drop in the fold coverage below the 
4×. This is could be a consequence of their short sequence length: during the size-selection step of the Illumina 
library preparation protocol it is likely that their mature forms are removed. However, being also part of the 
non-mature polycistron, we successfully assembled and annotated most of them from RNA-Seq experiments 
with the automated approach. Overall, the gene coverage profiles obtained (Fig. 3) nicely matche to the gene 
expression profiles observed in other insects14,20 and vertebrate mitogenomes16,21, suggesting a similar pattern of 
differential gene expression also in termites.
Mitogenomes obtained using congeneric and intra-familial initial references were nearly identical: up to seven 
nucleotide positions show polymorphism over the entire sequence length (Suppl. Table S3). This variation might 
indicate the presence of heteroplasmy, similarly to what has been previously reported in many organisms22,23. 
Alternatively, mitogenomes sequence identity can be affected by the choice of assembling tools and approaches 
(de novo or reference-based) used to generate the final assembly24. Mitogenomes recovered from RNA-Seq data 
show divergences ranging from 0.0% to 3.5% with conspecific references (Suppl. Table S4): most of nucleotide 
substitutions (ranging from 68.9% to 76.9%) occur at the third codon position of protein-coding genes, compat-
ibly with the genetic variability among individuals of the same species (Suppl. Table S5).
When our pipeline was run on references with artificial rearrangements (Supplementary Fig. S3), results do 
not differ from those obtained using the original references: it can be clearly seen that no chimeric contigs are 
generated with the different gene order of the references and the correct genes order is obtained in all instances. 
This can be explained by taking into account the way the pipeline works: mapping on the initial references, and on 
reconstructed contigs in the subsequent iterations, is only used to recover mitochondrial reads but the assembly 
Contigs at the 10th 
iteration
Reticulitermes labralis Reticulitermes speratus
Congeneric 
references
Intra-familial 
references
Congeneric 
references
Intra-familial 
references
Total 34,439 33,906 262 157
Target mitochondrial 
contigs 138 (0.40%) 180 (0.53%) 32 (12.2%) 22 (14.0%)
Contaminant leakage 23,819 (69.2%) 23,572 (69.5%) 113 (43.1%) 66 (42.0%)
Nuclear leakage 10,482 (30.4%) 10,154 (29.9%) 117 (44.7%) 69 (43.9%)
Table 1. Non-mitochondrial reads leakage analysis in Reticulitermes labralis and R. speratus RNA-Seq 
experiments. Numbers refer to contigs number (percentage) that were found of contaminant or nuclear DNA 
origin.
Figure 3. Reads coverage along mitogenomes reconstructed using congeneric references. Coverage has been 
capped at 5,000 × for graphical purposes; shaded areas indicate tRNAs and the control region.
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is performed de novo at every iteration. Therefore, the gene order resulting at the end of the process (and at the 
end of every iteration) is given only by the information stored within collected reads.
phylogenetic validation of Reticulitermes mitogenomes. In order to assess the accuracy of the 
mitogenomes obtained from RNA-Seq experiments we tested them in a phylogenetic framework. Our Bayesian 
and Maximum Likelihood trees (Fig. 4) were congruent with published phylogenetic trees18,19. All mitogenomes 
isolated from RNA-Seq experiments clustered with conspecific DNA-obtained sequences, with maximum node 
support. Moreover, mitogenomes assembled using different initial references (congeneric or intra-familial) 
grouped together, with branch lengths equal or close to zero (Fig. 4).
conclusions
Although the use of a straight-forward approach, such as the one we applied in this study, appears enough to 
carry out the task of reconstructing mitochondrial genomes from transcriptome data, some limitations emerged. 
Some tRNAs and control regions were not reconstructed, but these gaps could be filled by a manual procedure. As 
evidenced by the coverage analysis, these regions showed a decidedly lower coverage (<4×) with respect to other 
mitogenome regions, as also observed in other systems14,16,20,21,25, and this may have led to fragmented recon-
struction. Although we easily overcome the problem by manually assembling gap regions, this may cast some 
doubts on the scalability of the method when trying to obtain tRNAs and the control region. Most systematics and 
phylogenetic studies rely on PCGs and rRNA only, but the potential utility of tRNAs should be not overlooked as 
their inclusion in these analyses may help to improve the inference1. Moreover, the reconstruction of gene order 
and of small non-coding regions can be also important to mark rare genomic changes that could be useful for 
identifying clades in absence of (or in addition to) the phylogenetic signal of substitutions26,27. Finally, informa-
tion on the control region sequence may be relevant for explaining phylogenetic biases or artefacts obtained in 
mitochondrial genomes analyses28.
Our approach has been tested in the context of insect mitochondrial genomes, which are well known for their 
mostly conserved structure and the compact size (typically 15–18 kb)1. A wide variety of mitochondrial genome 
size can be found, especially outside metazoan, but some evidences indicated that even mitogenomes rich of 
non-coding sequences are fully transcribed12,15. While this would suggest that it can be possible to recover their 
complete mitogenome, further experiments are required to evaluate these peculiar conditions.
In this view, possible future development of pipelines running on RNA-Seq data for mitogenome assembly 
should take into account such challenges. However, we successfully recover the six whole mitogenomes, even in 
those samples where contaminants and/or random similarities with nuclear transcripts outnumber genuine mito-
chondrial contigs. In these two instances, namely in R. speratus and R. labralis, the only issue was a small increase 
of computational time across the whole process.
Overall, we showed that mitochondrial genome sequences can be accurately reconstructed from transcrip-
tome data using an iterative reference mapping and de novo assembly approach. None of the RNA-Seq data 
Figure 4. Mitogenomes phylogenetic analysis. Schematic drawing of Maximum Likelihood (−lnL = 78672.19) 
and Bayesian inference (−lnL = 78489.80). Maximum bootstrap (=100%) and posterior probability (=1.0) 
values are omitted, while they are reported on nodes showing supports lower than the maximum (indicated 
with red dots). Mitogenomes assembled from RNA-Seq are highlighted in red.
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employed in this study were initially generated to investigate mitochondrial aspects29,30; the proposed approach 
has the potential to generate a large number of new mitochondrial genomes for non-model species, by exploiting 
the increasing amount of publicly available RNA high-throughput sequencing data. This approach can be relevant 
for molecular taxonomy and systematics but also to investigate various aspects of mitochondrial genome biol-
ogy10,31, such as transcription32 and polyadenylation profiles21.
Material and Methods
Data information. The 12 complete mitochondrial genomes of Reticulitermes species sequenced to date have 
been downloaded from GenBank (accessed on January 2019), alongside the complete mitochondrial genomes of 
44 Coptotermes and 28 Heterotermes (Table 2; Suppl. Table S6). We used the mitogenome of Schedorhinotermes 
breinli (Genbank accession number: JX144935) as outgroup to root phylogenetic trees18,19,27.
We selected the RNA-Seq Illumina reads of six species of Reticulitermes from which we attempted to extract 
mitogenomes (Table 2). For five species (R. flavipes, R. grassei, R. lucifugus, R. labralis and R. speratus), a conspe-
cific mitochondrial genome sequence was already available, which we used to assess the accuracy and complete-
ness of our assemblies. For R. banyulensis, no mitogenome reference was available, and we here present the first 
complete mitochondrial genome.
Mitochondrial genome reconstruction pipeline. Raw reads were downloaded with Fastq-dump, 
quality-checked with FastQC33 and trimmed and clipped with Trimmomatic34, using parameters 
ILLUMINACLIP:TruSeq3-PE.fa:1:30:10 LEADING:3 TRAILING:3 SLIDINGWINDOW:25:33 MINLEN:45 for 
reads of over 50 bp length and parameters ILLUMINACLIP:TruSeq3-PE.fa:1:30:10 LEADING:3 TRAILING:3 
SLIDINGWINDOW:25:33 MINLEN:90 for reads of over 90 bp length. In order to check the assembly process 
also during intermediate steps, we set up an iteration-based pipeline (available at https://github.com/mozoo/
mitoRNA), summarized as follow (Fig. 5):
 (i) in the first step, all transcriptome reads are mapped to reference mitochondrial genomes with Bowtie235 in 
local mode with parameters set to–very-sensitive-local, whose default settings are -D 20 -R 3 -N 0 -L 20 -i 
S,1,0.50, but allowing one mismatch in the seed alignment (−N 1) and by reducing the length of the seed 
substrings to align (−L 10). This increases the sensitivity of the mapping.
 (ii) in the second step, mapped reads are de novo assembled by Trinity36 with the settings --no_normal-
ize_reads --min_contig_length 150 bp, which remove the in silico reads normalization step and set the 
minimum length for a contig to be assembled at 150 bp.
Generated contigs are then used as a new reference for successive iterations. In order to test whether reference 
mitogenomes affect the reconstruction of the RNA-Seq-derived mitogenomes, we excluded conspecific sequences 
from the initial reference list used in the first step of the first iteration (i.e. when analyzing the RNA-Seq reads 
of a given species, the mitogenome(s) of the same species was excluded from the list of reference genomes). In 
addition, to evaluate the effect of phylogenetic relatedness of the starting reference mitogenomes, we used either 
Reticulitermes mitogenomes (congeneric references) or Coptotermes + Heterotermes mitogenomes (intra-familial) 
during the first step of the first iteration.
For each transcriptome analyzed, we evaluated the progress of this iterative approach using both congeneric 
and intra-familial starting references, stopping the process after 10 iterations. At the 10th iteration, then, we 
recovered a variable number of contigs which were validated and scaffolded with blastn37 using default param-
eters against the closest, non-conspecific reference mitogenome. We then merged the scaffolded contigs using 
Aliview38. Where necessary (see Results) gaps in reconstructed molecule were filled by BLASTing transcriptome 
reads against the homolog portion of the reference mitochondrial genomes, then reads were assembled with 
CAP339 and aligned to the scaffold using MAFFT v.740.
Species SRA acc. no. Gbp Reads length Conspecific mitogenomes
Reticulitermes flavipes SRR1325101 2.4 51 (single end)
KY484910
EF206314
EF206315a
EF206316
EF206317
Reticulitermes grassei SRR1325103 1.5 51 (single end) KU925237
Reticulitermes banyulensis SRR5253660 1.3 51 (single end) —
Reticulitermes lucifugus SRR1325112 2.3 51 (single end) MK088051
Reticulitermes labralis SRR5808263 9.1 150 (pair end)
KT224427
KU877221
Reticulitermes speratus DRR030843 3.4 93 (pair end) KY484910
Table 2. Data information for Illumina RNA-Seq experiments and conspecific mitogenomes obtained from 
NCBI Genbank database. aThis was attributed to R. santonensis, which is synonym species of R. flavipes.
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In order to assess the impact of using references showing a different gene order with respect to the target 
mitogenome, we generated artificial rearrangements of the congeneric references (Supplementary Fig. S3) and we 
then re-run our pipeline using the rearranged molecules as initial references.
We annotated the 22 tRNA genes, the 13 protein coding genes (PCGs), and the two ribosomal RNA genes 
manually, aided by congeneric published reference sequences.
Quality assessment and phylogenetic analysis. During the mapping process, it is possible that some 
reads derived from either contaminant (if any) or nuclear DNA can leak into the iterative process, because of 
random homology, and assembled into contigs. Therefore, contigs generated at the 10th iteration were analyzed 
to check if they derive from contaminant reads (contaminants leakage) or from nuclear reads (nuclear leakage). 
To estimate the contaminants leakage, we identified contigs that did not match with insects using DIAMOND41. 
Then, to estimate the nuclear leakage, we identified contigs matching to insects but not to the reconstructed mito-
chondrial genomes by means of a blastn search.
The coverage of all newly reconstructed mitogenomes was determined by mapping reads with Bowtie2 and 
analysing the output with SAMtools42. Newly obtained mitogenomes were annotated based on homologies with 
previously published ones, and all protein coding genes (PCGs) were manually inspected for open reading frame 
correctness. We also estimated tRNAs secondary structure for both DNA-derived and RNA-derived mitoge-
nomes using Mitos243 (available at: http://mitos2.bioinf.uni-leipzig.de/index.py).
Phylogenetic and nucleotide divergence analyses have been carried out using PCGs and rRNAs. Each 
gene was aligned separately using MAFFT with the option --auto for protein coding gene (PGC) and with the 
option --X-INS-i for the two rRNA genes. We omitted control regions from the final matrix as they were only 
partially assembled. After concatenation, the final matrix included 37 sequences spanning 13,547 nucleotide 
positions. Phylogenetic trees were reconstructed using Bayesian inference and Maximum Likelihood approaches. 
Model selection and phylogenetic inference were carried out through CIPRES Science Gateway (www.phylo.org)44. 
For both Bayesian and Maximum Likelihood approaches, the best-fit models of nucleotide substitution were iden-
tified using IQ-TREE Model Selection45, using the edge-linked parameter and the TESTNEWMERGE flag (Suppl. 
Tables S7 and S8). The ML search was run with 1,000 ultrafast bootstraps replicates using IQ-TREE v1.6.146. The 
Bayesian inference was carried out using MrBayes v. 3.2.647: two Markov chains Monte Carlo (MCMC) were 
run simultaneously for 10,000,000 generations and were sampled every 1,000 generations. Burn-in was set at a 
conservative threshold of 25%. Average deviation of split frequencies fell below 0.01 within 1 million generations, 
indicating the chain reached convergence.
Data Availability
Mitogenomes assembled from RNA-Seq experiments are available on Fig Share under the https://doi.org/10.6084/
m9.figshare.7181969.
References
 1. Cameron, S. L. Insect mitochondrial genomics: implications for evolution and phylogeny. Ann. Rev. Entomol. 59, 95–117 (2014).
 2. Song, N., Li, H., Song, F. & Cai, W. Molecular phylogeny of Polyneoptera (Insecta) inferred from expanded mitogenomic data. Sci. 
Rep. 6, 36175 (2016).
 3. Bourguignon, T. et al. The evolutionary history of termites as inferred from 66 mitochondrial genomes. Mol. Biol. Evol. 32, 406–421 
(2015).
 4. Ometto, L. et al. Linking genomics and ecology to investigate the complex evolution of an invasive Drosophila pest. Genome Biol. 
Evol. 5, 745–757 (2013).
Figure 5. Conceptual map of the pipeline implemented for mitogenome reconstruction from RNA-Seq raw 
reads.
8Scientific RepoRtS |         (2019) 9:14806  | https://doi.org/10.1038/s41598-019-51313-7
www.nature.com/scientificreportswww.nature.com/scientificreports/
 5. Bourguignon, T. et al. Mitochondrial phylogenomics resolves the global spread of higher termites, ecosystem engineers of the 
tropics. Mol. Biol. Evol. 34, 589–597 (2017).
 6. Ma, C. et al. Mitochondrial genomes reveal the global phylogeography and dispersal routes of the migratory locust. Mol. Ecol. 21, 
4344–4358 (2012).
 7. Mikheyev, A. S. et al. Museum genomics confirms that the Lord Howe Island stick insect survived extinction. Curr. Biol. 27, 
3157–3161 (2017).
 8. Cameron, S. L. How to sequence and annotate insect mitochondrial genomes for systematic and comparative genomics research. 
Syst. Entomol. 39, 400–411 (2014).
 9. Sullivan, K. A. M., Platt, R. N. II, Bradley, R. D. & Ray, D. A. Whole mitochondrial genomes provide increased resolution and 
indicate paraphyly in deer mice. BMC Zool. 2, 11 (2017).
 10. Smith, D. R. RNA-Seq data: a goldmine for organelle research. Brief. Funct. Genomics 12, 454–456 (2013).
 11. Smith, D. R. The past, present and future of mitochondrial genomics: have we sequenced enough mtDNAs? Brief. Funct. Genomics 
15, 47–54 (2016).
 12. Sanitá Lima, M. & Smith, D. R. Pervasive transcription of mitochondrial, plastid, and nucleomorph genomes across diverse plastid-
bearing species. Genome Biol. Evol. 9, 2650–2657 (2017).
 13. Williams, S. T. et al. Curius bivalves: systematic utility and unusual properties of anomalodesmatan mitochondrial genomes. Mol. 
Phylogenet. Evol. 110, 60–72 (2017).
 14. Wang, H. L. et al. The characteristics and expression profiles of the mitochondrial genome for the Mediterranean species of the 
Bemisia tabaci complex. BMC Genomics 14, 401 (2013).
 15. Tian, Y. & Smith, D. R. Recovering complete mitochondrial genome sequences from RNA-Seq: A case study of Polytomella non-
photosynthetic green algae. Mol. Phylogenet. Evol. 98, 57–62 (2016).
 16. Moreira, D. A., Furtado, C. & Parente, T. E. The use of transcriptomic next-generation sequencing data to assembly mitochondrial 
genomes of Ancistrus spp. (Loricariidae). Gene 573(1), 171–175 (2015).
 17. Song, N., An, S., Yin, X., Cai, W. & Li, H. Application of RNA-seq for mitogenome reconstruction, and reconsideration of long-
branch artifacts in Hemiptera phylogeny. Sci. Rep. 6, 33465 (2016).
 18. Bourguignon, T. et al. Oceanic dispersal, vicariance and human introduction shaped the modern distribution of the termites 
Reticulitermes, Heterotermes and Coptotermes. Proc. R. Soc. B 283, 20160179 (2016).
 19. Dedeine, F. et al. Historical biogeography of Reticulitermes termites (Isoptera: Rhinotermitidae) inferred from analyses of 
mitochondrial and nuclear loci. Mol. Phylogenet. Evol. 94, 778–790 (2016).
 20. Perera, P. O., Walsh, T. K. & Luttrell, L. G. Complete mitochondrial genome of Helicoverpa zea (Lepidoptera: Noctuidae) and 
expression profiles of mitochondrial-encoded genes in early and late embryos. J. Insect Sci. 16, 1–10 (2016).
 21. Sun, Y., Kurisaki, M., Hashiguchi, Y. & Kumazawa, Y. Variation and evolution of polyadenylation profiles in sauropsid mitochondrial 
mRNAs as deduced from the high-throughput RNA sequencing. BMC Genomics. 18, 665 (2017).
 22. Ghiselli, F. et al. The complete mitochondrial genome of the grooved carpet shell, Ruditapes decussatus (Bivalvia, Veneridae). PeerJ. 
5, e3692 (2017).
 23. Konrad, A. et al. Mitochondrial mutation rate, spectrum and heteroplasmy in Caenorhabditis elegans spontaneous mutation 
accumulation lines of differing population size. Mol. Biol. Evol. 34, 1319–1334 (2017).
 24. Timbó, R. V., Togawa, R. C., Costa, M. M. C., Andow, A. D. & Paula, D. P. Mitogenome sequence accuracy using different elucidation 
methods. PLoS One. 12, e0179971 (2017).
 25. Mercer, T. R. et al. The human mitochondrial transcriptome. Cell 146(4), 645–658 (2011).
 26. Boore, J. L. & Brown, W. M. Big trees from little genomes: mitochondrial gene order as a phylogenetic tool. Curr. Biol. 8, 668–674 
(1998).
 27. Cameron, S. L., Lo, N., Bourguignon, T., Svenson, G. J. & Evans, T. A. A mitochondrial genome phylogeny of termites (Blattodea: 
Termitoidae): robust support for interfamilial relationships and molecular synapomorphies define major clades. Mol. Phylogenet. 
Evol. 65, 163–173 (2012).
 28. Zhang, D. et al. Mitochondrial architecture rearrangements produce asymmetrical nonadaptive mutational pressures that subvert 
the phylogenetic reconstruction in Isopoda. Genome Biol. Evol. 11, 1797–1812 (2019).
 29. Romiguier, J. et al. Comparative population genomics in animals uncovers the determinants of genetic diversity. Nature 515, 
261–263 (2014).
 30. Mitaka, Y., Kobayashi, K. & Matsuura, K. Caste-, sex-, and age-dependent expression of immune-related genes in a Japanese 
subterranean termite, Reticulitermes speratus. PLoS One 12, e0175417–22 (2017).
 31. Sanitá Lima, M., Woods, L. C., Cartwright, M. W. & Smith, D. R. The (in)complete organelle genome: exploring the use and nonuse 
of available technologies for characterizing mitochondrial and plastid chromosomes. Mol. Ecol. Res. 16, 1279–1286 (2016).
 32. Castandet, B., Hotto, A. M., Strickler, S. R. & Stern, D. B. ChloroSeq, an optimized chloroplast RNA-Seq bioinformatic pipeline, 
reveals remodeling of the organellar transcriptome under heat stress. G3-Genes Genom Genet. G3-GENES GENOM. GENET. 6, 
2817–2827 (2016).
 33. Andrews, S. Fast QC, A Quality Control tool for High Throughput Sequence Data. Available from: http://www.bioinformatics.
babraham.ac.uk/projects/fastqc/, last accessed January 2019 (2014).
 34. Bolger, A. M., Lohse, M. & Usadel, B. Trimmomatic: a flexible trimmer for Illumina sequence data. Bioinformatics 30, 2114–2120 
(2014).
 35. Langmead, B. & Salzberg, S. L. Fast gapped-read alignment with Bowtie2. Nat. Methods 9, 357–359 (2012).
 36. Haas, B. J. et al. De novo transcript sequence reconstruction from RNA-seq using the Trinity platform for reference generation and 
analysis. Nat. Protoc. 8, 1494–1512 (2013).
 37. Altschul, S. F., Gish, W., Miller, W., Myers, E. W. & Lipman, D. J. Basic local alignment search tool. J. Mol. Biol. 215, 403–410 (1990).
 38. Larsson, A. AliView: a fast and lightweight alignment viewer and editor for large datasets. Bioinformatics 30, 3276–3278 (2014).
 39. Huang, X. & Madan, A. CAP3: A DNA sequence assembly program. Genome Res. 9, 868–877 (1999).
 40. Katoh, K., Kuma, K. I., Toh, H. & Miyata, T. MAFFT version 5: improvement in accuracy of multiple sequence alignment. Nucleic 
Acids Res. 33(2), 511–518 (2005).
 41. Buchfink, B., Xie, C. & Huson, D. H. Fast and sensitive protein alignment using DIAMOND. Nat. Methods 12, 59–60 (2015).
 42. Li, H. A statistical framework for SNP calling, mutation discovery, association mapping and population genetical parameter 
estimation from sequencing data. Bioinformatics 27, 2987–2993 (2011).
 43. Bernt, M. et al. MITOS: improved de novo metazoan mitochondrial genome annotation. Mol Phylogenet. Evol. 69, 313–319 (2013).
 44. Miller, M. A., Pfeiffer, W. & Schwartz, T. Creating the CIPRES Science Gateway for inference of large phylogenetic trees. Proceedings 
of the Gateway Computing Environments Workshop (GCE), 14 November 2010. New Orleans, LA. pp 1–8 (2010).
 45. Kalyaanamoorthy, S. et al. ModelFinder: fast model selection for accurate phylogenetic estimates. Nat Methods 14, 587–589 (2017).
 46. Nguyen, L.-T., Schmidt, H. A., Haeseler, von, A. & Minh, B. Q. IQ-TREE: A Fast and Effective Stochastic Algorithm for Estimating 
Maximum-Likelihood Phylogenies. Mol Biol Evol. 32, 268–274 (2014).
 47. Ronquist, F. et al. MrBayes 3.2: efficient Bayesian phylogenetic inference and model choice across a large model space. Syst. Biol. 61, 
539–542 (2012).
9Scientific RepoRtS |         (2019) 9:14806  | https://doi.org/10.1038/s41598-019-51313-7
www.nature.com/scientificreportswww.nature.com/scientificreports/
Acknowledgements
This work was supported by Canziani funding to A.L. and B.M. T.B. was supported by the Czech Science 
Foundation (Project No. 15-07015Y). We wish to thank Fabrizio Ghiselli for his precious suggestions and two 
anonymous Reviewers for their useful and constructive comments.
Author contributions
G.F. and G.P. set up the bioinformatic pipeline and wrote the script. G.F. and A.L. carried out analyses and wrote 
the manuscript. A.L., T.B., T.E. and O.R.S. produced part of the reference mitogenomes. A.L., T.B., T.E., O.R.S. 
and B.M. supervised the work. G.F., A.L. and B.M. conceived and developed the idea. All authors reviewed the 
manuscript.
Additional information
Supplementary information accompanies this paper at https://doi.org/10.1038/s41598-019-51313-7.
Competing Interests: The authors declare no competing interests.
Publisher’s note Springer Nature remains neutral with regard to jurisdictional claims in published maps and 
institutional affiliations.
Open Access This article is licensed under a Creative Commons Attribution 4.0 International 
License, which permits use, sharing, adaptation, distribution and reproduction in any medium or 
format, as long as you give appropriate credit to the original author(s) and the source, provide a link to the Cre-
ative Commons license, and indicate if changes were made. The images or other third party material in this 
article are included in the article’s Creative Commons license, unless indicated otherwise in a credit line to the 
material. If material is not included in the article’s Creative Commons license and your intended use is not per-
mitted by statutory regulation or exceeds the permitted use, you will need to obtain permission directly from the 
copyright holder. To view a copy of this license, visit http://creativecommons.org/licenses/by/4.0/.
 
© The Author(s) 2019
